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Resear ch on Distributive Datamining Calculating Process
——DDCP Algorithm
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Abstract This article proposed a agorithm of the calculate architecture used for the association
rule and this algorithm based on the data partition, fully uses the merits and specialties, at the same time
uses controller to assign transactions randomly to resolve the data skew in the database. The algorithm is

used for the example and shows the correctness and feasibility It can be used for distribute database and
most applicable for distribute calculation.
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