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Stock Price Prediction Based on Analysis of Chaotic Time Series

Cheng Yurong®  Guo Shuangbing®
(1. Commercid College, Chengdu University of Technology Chengdu 610051,
2. Schoal of gpplied mathematics, UEST of China Chengdu 610054)

Abstract A method of stock price prediction is presented by hypothesis of stock market being
nortlinear dynamic system and analyzing method of chaos theory for chaos time series in this paper.
Meanwhile, structures of radiad basic function (RBF) network and pairs of training samples are
determined by embedding dimension and delay time of reconstruct phase space respectively. Predicting
resultsfor real world stock time series show that the method is able to do effectively short-term prediction.
In comparison with traditional forward feedback neural network (BP), the method can make better
predicting performance, thus it can be widely used in stock price prediction.
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