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Abstract A nove agglomerative method is proposed. This algorithm consists of three steps, first
samples the dataset, then form the subcluster by absorbing the points in the & neighborhoods of sample
points, at last final clusters are constructed by combining the subclusters. The distance measure of two
clusters is redefined. Based on this concept, heap structure is constructed. Formaly a theoretica
explanation of the agorithm is given using the method approaching the actual distribution. Experimental
results show the quality of ADA is much better than very many well-known agorithm CURE.
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1 Algorithm ADA(DataSet)
1) Initialy select k sample points set SampleSet randomly;
2) BuildSubClusters(SampleSet DataSet) // k ;
3) Buildaheap Q with the distance of al combinations //
4) ClusterCombine(Q) //
5) For each Xi;
6) LabelCluster(xi, Q) //
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7) Until al points are passed by in the DataSet

1) K SampleSat 2) K
2
G=G+X,  ss+X*  n=n+l
1 3) 4 K
0 0

3 Algorithm ClusterCombine(Q)
1) Extract the nearest two cluster C; C; fromtheheap Q whichd(C; C;)<0
2) Merge the two subclusters which belong to into a new subcluster
3)Add C; C; cluster feature to the new subcluster feature list and build a new heap Q
4) If thereisCj»  Ci»  inQ such that d(Cj«  Cix)<O
5) ClusterCombine(Q)
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