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Adaptive Independent Component Analysis under Multisensing
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Abstract In this paper, LCNN equation is investigated carefully and the inward nature of constraints, which
was the down speed of supervised learning, is discovered. At the end, adaptive LCNN (ALCNN) is proposed,

which not only can solve ill-conditioned matrix, but also the computing complexities of learning matrix and
independent components are sympolied to O(n).
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