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Abstract This paper presents a new method in structure learning of Bayesian network based on dependency
analysis and scoring function. Through analyzing the dependent relationship between variables and accessing to
undirected graph, the prior sequence of all of the nodes in Bayesian network structure is obtained. The optimal
structure of the Bayesian network is then generated by heuristic-search method. The new algorithm has been
applied to the diagnostic system of mild cognitive impairment. The experimental results show that the new
algorithm can better predict the possibility of mild cognitive impairment under the similar complexity, and further

assist the diagnosis of doctor.
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