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Reliability Analysis and Fault Diagnosis for Power
System via Dynamic Bayesian Network

LI Xiang, HUANG Hong-zhong', HUANG Peng, and LI Yan-feng
(Center for System Reliability and Safety, University of Electronic Science and Technology of China Chengdu 611731)

Abstract Reliability analysis and fault diagnosis for dynamic systems have always been hot topics in this
field. As one of the popular reliability analysis methods, dynamic bayesian network (DBN) has been fully studied.
However, the existing DBN algorithm has no general inference engines, and the modeling difficulty increases
exponentially with the system complexity. This paper proposes a general probability table modeling method, which
can also be applied on the dynamic reliability analysis of the system under the continuous mission time.
Additionally, via the Bayesian inference algorithm, the posterior probability of component failure can be obtained,
which can also be applied on system fault diagnosis. Finally, the validation of proposed method is verified by the
reliability analysis and fault diagnosis of the power system.
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