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Abstract
intelligent selection mode with high fairness, expansibility and intelligence. On the basis of the artificial

Based on the artificial intelligence deep reinforcement learning algorithm, this paper proposes an

intelligence deep reinforcement learning algorithm, innovative mechanisms such as action inhibition, quadruple Q-
learning (QQL) and normalized Q-value are introduced. With the research results of this paper, the IoT (Internet of
Thing) terminal can more intelligently select its access or handover edge server under the principle of meeting the
service delay requirements and fairness. This scheme reduces service delay, improves service response efficiency,

and has good value significance for improving service security and operation management level.
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initialize Q(s, a) for all s € §, a € A(s),
arbitrarily.

define Aavailable for all possible a € A(s)

set O(terminal state,*)=0

for each episode do

initialize s

repeat (for each state of the episode)

choose highest a for s using policy derived

from Q(e.g., —greedy)

while a /€ Aavailable do

choose next highest a using the same policy

take action a, observe r, s'(according to a
reward function)

remove a from Aavailable if limit is reached

(s, a) < O(s, a) + a[r + v » maxaQ(s', a) —
(s, a)]

s’

until s is terminal and Aavailable isn’t empty
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