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Abstract In order to improve the accuracy of anthropometric feature point localization in complex
background and arbitrary dress cases, the stacked hourglass network (SHN) is introduced into the localization of
anthropometric feature points in body images. However, the resolution of the SHN model’s output feature map is
too low to obtain high accurate feature points. So, a Deconv-SHN model is proposed to address this problem. On
the one hand, the output layer of the initial model is replaced by several deconvolution layers to improve the
resolution of the output feature map. On the other hand, the objective function is optimized based on Smooth L1
and local response. According to the experimental results on the self-built dataset consisting of 6 700 human body
images, the localization precision of the Deconv-SHN model in complex background and arbitrary dress cases is
significantly higher than that of the traditional algorithm, which is also obviously superior to the SHN model, and
basically meets the requirements of anthropometric applications.
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FISCHR [6] A BB S e 557 i, A Sk TR AT B
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(Phx—Pro? + (Phy—Pry)?

A, PRRIRIREUASKTINRT PR IR s H R
AN SR B

N T HAlE RIRHIE RUE RO IR 2, AU
MRS B Mg A IE T RS B AT i,
IS 36 M TN AR ICHRFAE s T SRA5 2 9 ROHE B A
NPRHELE SR o T SCHR [6] S5 TCVE HET 2 LR AL

S (1)

Mo SERR RGP A S T e sEge . £ 5 4
7 AE 150 A 35 S B i B i A T T E R L
X7 SHN F1 Deconv-SHN 45 4 g 47 37 52 R ~F Tt /)
wZEXE, ATLER], LA TFHIRE. RKIRE
BRERZE/NT 2 em 5L, Deconv-SHN A% % 15 B
BT SHN B, HiRZE/NT 2 em MIREA 5 L
IR AE 80% Aoty o HI -3 & 3 M 4 v A AR %
ERET AN, B LU I S e AL HER VR,
8 B R SO AR J5ORG #E s xof T FTIDKS 52 2 S A LI
R, mlE I IR HUE A K A A e s 2 T
M55 R — e R LR = PR

®5 EIRTIMRE

. SHN Deconv-SHN
WETH PR ZE om I KiRZE /em <2 em 5 /% SRR ZE lem KR ZE/em <2 em i Eb/%
B 1.32 3.78 76.6 0.46 2.03 97.3
AT 2.18 7.55 50.0 1.30 436 80.2
i e 1.28 5.49 81.3 0.95 2.74 90.6
FEK 1.92 7.27 65.3 1.41 3.86 79.6
FE K 2.02 7.10 58.6 121 4.13 84.0

5 Z5%K 8

N T FRRAEE 44 AT RE RN MR &
PRRFE RUE AL EIERE FEAN S I )8, A ST K
SHN M. H 2] SRR AR s e S, FREERT HARZ,
F3 T Deconv-SHN. SEIG4h RRH: fER AT &
AUERE RGO T, RS 2 I A AR W
LT85k, HE5 SHN ML, Deconv-SHN &
ROKE BE Sy, PN P <2 B ROST 5% 22 RE A% i AR 2 TR
B 1) 55 L FH R A AR 2 5000 B 1R K

RS LA R T T R Rl S A3
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