43 FE3IM
2014E5H

LR I PN S

Journal of University of Electronic Science and Technology of China

ETH XA EBEERNMERL X LI A
B, ARG

(L 7 PUTE AR B AL RS M S BRI O M E A SR E BT 530001; 2. JUVUITIEAE B BHEIA SRR A ABE BT 530001,

Vol.43 No.3
May 2014

3. RN R R TRE K E S =E I 430079; 4. N KETREL LSS EITHAFHESLRE K 430079)

(AR ] R T —FMET EREERIMEL R AITE. 12735 RIFISEEIRZ(Dirichlet process) SiEMN MRS MNETE
WIBXIE ; MRS S fhild EREELER APABRE | SR XBEIR KRN XANSERIF S INERRE ; K58
WEMJTIEMGibbsRAEF |, SEHII S EMRESEEE | ETETRMMH T KA., LINERA | 1277588 IERR
BB,

X # 7 PFESEIE EmRE MEEXAN, SRS REEERE

hESES  P208 XEkFRERE A d0i:10.3969/j.issn.1001-0548.2014.03.025

Microblog Community Detection Method based
on Community Spatio-Temporal Topic Model

DUAN Lian"?? and ZHU Xin-yan®*
(1. Education Ministry Key Laboratory of Environment Evolution and Resources Utilization in Beibu Bay Guangxi Teachers Education University,
Nanning 530001; 2. Resources and Environment Science Department, Guangxi Teachers Education University Nanning 530001;
3. State Key Laboratory of Information Engineering in Surveying, Mapping & Remote Sensing, Wuhan University Wuhan 430079;
4. Key Laboratory of Aerospace Information Security and Trusted Computing of Ministry of Education, Wuhan University Wuhan 430079)

Abstract This paper presents a novel micro-community detection method based on topic model. Multiple
latent geographical regions by Dirichlet process are created adaptively. A multinomial distribution is then
employed to depict topics evolutions within each time bin. User selection preferences of latent geographical region
and community are introduced in topic model. Finally, the EM method and Gibbs sampling method are used to
estimate spatio-temporal topic model parameters so that community detection can be realized by topics similarity.

Experiment results show that this method can promote the performances of community identifying.
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