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Manifold-Based Discriminant Analysis
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Abstract In order to solve the problems that many traditional classification methods confronted, a global
rank preservation learning machine (GRPLM) based on manifold-based discriminant analysis is proposed in this
paper. In GRPLM, the manifold-based discriminant analysis (MDA) is introduced to represent the samples’ global
and local characteristic; the relative relationship of different class centers is taken into consideration in order to
preserve the samples’ ranks; the equivalent relation between the QP form of GRPLM and core vector machine
(CVM) is analyzed in order to broaden the usage of GRPLM from small- and medium-scale to large-scale.
Comparative experiments on several standard datasets verify the effectiveness of the proposed methods.
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